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From top to down, show the results after
50,000, 100,000, 150,000, and 200,000 times
training.
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Table 3 Needed teacher vectors comparison.
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Fig.7 Comparison: actively queries or random
queries.

3100

gboooboooboooobooboobobooboobobogoon
gboooboooboooobooboobobooboobobogoon
gboobooooboooobooboobooboooboboaoon
gooooooobo 340000o0oobooooooboo
gboobooooboooobooboobooobooobo
4.2.3 0O00OO0OOOCOOO
000Optdigits 00 0000000000000
goooooooobooboboboOoooon s0,000000
gobdobodoooooboobooobooooboobooo
oooboooooooo A=10,0000 age,,,, = 1000
a=1000000000000000 10000000
goooooooooooooboboooooooboo
00 340 Step2. 000000O0D0OO0DOOOODO
gobooobooobooooboobooboooboooao
o8bbo9nooooobDoboOoOoOoDOObOOO 1000
gooobOooooboooobsoooobboboboOonon
gooooooooooooooooboooooon 8
oooobooooooobooooobogn 50,00000
goooooooooooooOoooobooooboooo
oooo9booooooooooooobobobooo
goooobooooooooooobocOooooooboo
goooobooooooooooobocOooooooboo
gooobOooboOooboooboooon 50,00000

w S
S S
T
L L

)
S
T

L

Labeled Set Size

=)

5 10 15
Steps X 10 4

0 8 Optdigits 0 0000000000000 O00O0O
goobooooobobooooooboooo
Fig.8 Incremental learning: needed number of
teacher vectors.

Accuracy

80 T

0 5 10 15
steps x 10"

09 Optdigits 000000000000 D0O00O0OO
goooooooooooo
Fig.9 Incremental learning: recognition ratio.



gooooooooooOoOoOoOoOoOoOoOoOOoOOoO0OoOoOooooooo

0o000o0oo00o00oDoooogSOINNODODOODO
Ooooooobobooboooooobooboood
poooooooobobooood

4.2.4 0000O0OOOOOOOOOOOO

0ooo0o0ooUoOooOoooOooooooooo
o0ooooOoOoooUooUooOooOooOooooon
gooooooooDooOo ooooooooooo
g0 pmoooocodfbloo3oobooooooo
godb020x26000000000000 26000
0oooooobobooboooooobooboooo
0oo0bO0o00o0o0o 111000 30000000
O0o0obOooogo 3op0000000D0O0ODODO
oooooooooooooooooooooolOo
govooooooOoOOoOOoOoOooooobDDbOOoOo
Oooo0oO0oOoO0O0oo0o0 A =2,0000age,,,, = 2000
a=1000000000000000C000O0XNOO
000 First-in-first-out 0000000000000
goooooooooooooobobobboooood
gooooooboboboboooooobooboooo
goooooobobooboooooobooboooo
gooooooboboboboooooobooboooo
gooooooz2oe0000C0O0OoOooooooOod

s

010 000000 10000000
Fig.10 An example of facial images of each subject.

011 O000000O0OO0OOOO0OoOoooooooooOoo

Fig.11 An example of face sequences.
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