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Transfer learning ((sB51)
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Previous methods

B DAP & IAP [Lampert et al., CVPR09]
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Previous methods
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SO'NN [Shen, Hasegawa, NNOG]
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Proposed SOINN
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Pl’OpOSGd Method (Training phase)
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Proposed Method (test phase)
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Experiments

ﬁ']) *%ﬂd)ﬂz’ééféﬁﬁ

S4%y 2 E ) OB BAEL RALVEREHY

J011/07/05 KBV EROEAEDETE Tt —




A1 %8 INYFER

RME  26.82% 26.96%
BB 79 OEFRS
REIE 19% AER
T—3B 4825 347,082

(J— K8
"~09.47%ux
6 1020
LEFHEBM RIS, BEaRbEoBEESH» L

2011/07/05 19

40.51% 27.83%
>70H

SOINNo#




Results
A1 %8 NYFEH

XIBRGBEE R, ERIETORENERINERIEVNSERTH S
I’RFIEE.

2011/07/05 20



SHORE



Multimodal {&5$ ) #

RRRLGRUANZ -V IFHRERZEELE
L THIA
o AlciELY. FR. BE. BN, AELEOR
RIFHMEIA Ea—4P0OKY MMC TR
EELTHEBEEZILT...

A ADEOLUERGBEORE LIER

o NEADND TLrEL»E ) LEZERTES
> TRIE. A, OFY FTHBELREDES LI EN?

2011/07/05 22



12—=2IMDiEH

BTOIRET. ES5ICHS<ED W Google
eEEMVAL T FTHEFH IO

You (T3
> EBMLRIRIETIE. BULEEZSAIIC
MET D03 F o

> ANGEEE. APRIREDI 25923 %
@ U TRE
o X%V PDIFHMISEHT /12—
> SOINN® / 1 Xttt % i&

® X #i1RH{l R A% D R = F E

2011/07/05 23



FRSEXM

[1] C. H. Lampert, H. Nickisch, and S. Harmeling, “Learning to
detect unseen object classes by between-class attribute
transfer”, CVPR 2009.

[2] A. Kawewong, Sirinart Tangruamsub, Pichai Kankuekool and
Osamu Hasegawa, “Fast Online Incremental Transfer
Learning for Unseen Object Classification Using Self-
Organizing Incremental Neural Networks”, The 2011
International Joint Conference on Neural Networks (IJCNN).

[3] F. Shen, O. Hasegawa, “An Incremental Network for On-line
Unsupervised Classification and Topology Learning”, Neural
Networks 2006.

2011/07/05 24



