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Conditional Random Fields: Integration of Local Information and Global

Information for Image Labeling
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Fig.1 Global information helps to recognize the
patches that are difficult to recognize from lo-

cal information.
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Fig.2 Standard CRF, Multiscale CRF [1] (Conventional method) and Proposed
CRF. Nodes represent variables and gray nodes represent observations.
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Fig.3 Upper left: Input image, Right four images: Collected similar images,
Lower left: Inference of the category distribution using the global features.
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Fig.4 Inference from the global features. Bright pixels indicate high probability

for the category.
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Fig.5 Labeling results by the pixel-wise classifier, the standard CRF with local
features, and the proposed CRF with local and global features.
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